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Introduction
                 Data analysis plays an essential part of quantitative study because it summarizes the collected data for interpretation and presentation (Armstrong, Eperjesi, & Gilmartin, 2002).This data analysis plan will guide us from the initial stages of data collection, description of collected data (stating the dependent and independent variables) and in testing our hypothesis.
As described from sampling design of antibacterial resistance, a group of 13 years and above, both men and women will be involved in sampling, where a sample of 20 individuals from a population of 150 patients will be selected and isolated from the bacteria, 10 of them being women and the other 10 being men, then 48 isolates per sample will be chosen from three individuals. Another sampling will be conducted on the farm, a sample of 1, 2,3,4,5 and 6 per farm will be investigated among 12 animals in total.  Besides, 1500 isolates from 30 farms with 300 fattening pigs will be tested to examine the extent of resistance using 12 antimicrobial. Each sampling strategy (1, 2,3,4,5 &7) will be analysed using bootstrap.
The number of samples that will form a concentration of colonies will then be observed and record. This is so because the samples with a concentration of colonies indicate that individuals from which samples were taken are resistant to antibiotics. Those samples that do not form colonies will also be observed and recorded because they indicate individuals who are susceptible to antibiotic resistance (Laws, M., Shaaban, A., & Rahman, M. K. 2019).




Data Analysis Plan
When analyzing quantitative study, it is important to identify the variables since we are dealing with numbers. Variables defines items from sampled data. Our variables in this case will be the group of individuals with 13 years and above, both males and females 10 of them being women and the other 10 being men, the sampled animals from the farm, the bacteria and antibiotics. Our objective is to determine whether there will be resistance to a given antibiotics when the sampled population is subjected to a given bacteria. Therefore we will have to define our hypothesis from here.
Null hypothesis: There is no significant difference of the health state of the sample subjected to the bacteria on frequent administration of the antibiotics. This means that the sample subjected to the bacteria will not show any change on administering the antibiotics because there is a probability that there will be antibiotic resistance.
Research hypothesis: There is a significant difference of the health state of the sample subjected to the bacteria on frequent administration of the antibiotics. This means there will be improvement on the sample subjected to the bacteria on administering the antibiotics because there is a probability that there will be no antibiotic resistance.
After defining our hypothesis, we will have to test in order to determine whether we will reject or accept them. We are going to test our hypothesis by using ANOVA test method. We will choose ANOVA test because it gives you a way to find out the significance of your experimental result. Basically, ANOVA test enables you to test groups to see if there is significant change between them (Muller, K.E. 2013) (Lakens, D.2013).
      ANOVA test.
We are trying to test relationship between frequent administration of antibiotics and the resistance from the bacteria. For us to make a confident decision, we will need enough evidence to support our approach, this is where ANOVA test comes in. First our confidence level is 95%, meaning if our evidence supports null hypothesis by 95% and above, we will accept it and reject the research hypothesis and if our evidence support research hypothesis by 95% an above, then we will accept it and reject the null hypothesis.
We have a set of three groups here, the human males (10 individuals), the human females (10 individuals) and the 300 pigs. The validity of an experiment depends on various factors, for instance, normal distribution of sampled population, equality of the sampled population (avoid biasness) and the equality of variance of the sampled population. Our first evidence will come from determining the variance, if there will be no equality on the variance of the sampled groups, then we may fail to reject null hypothesis and fail to accept research hypothesis (Turner, J.R. 2019).
[bookmark: _GoBack]Our second evidence will come from determining the p-value which is basically the significance level. Our set significance level is 0.05, if the determined p-value is greater than 0.05, we will have evidence to accept null hypothesis and reject the research hypothesis. However, if the determined p-value is less than or equal to 0.05, we will have evidence to accept the research hypothesis and reject the null hypothesis. The null hypothesis may not be rejected at 5% level of significance because it means, there are no reliable evidence against the null hypothesis (Lakens, D.2013).
For a valid experimental result using ANOVA test, the sample distribution should be normally distributed, samples drawn should be independent from each other and the variance should also be equal (Muller, K.E. 2013).
In conclusion we will accept the null hypothesis and reject the research hypothesis if and only if, the level of significance is greater than 5%, if there is no equality of the variance of the population in which the sample was drawn from and if the sample distribution is not normally distribution. On the other hand, we will accept research hypothesis and reject null hypothesis if the significance level is less than or equal to 5%, if there will be equality of the variance of the population in which the sample was drawn from and if the sample distribution will be normally distributed.
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